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Arduino uno %%
Operating Voltage 5V
Input Voltage (recommended) 7-12V
Input Voltage (limits) 6-20V
Digital I/O Pins 14 (of which 6 provide
PWM output)

LSMODSO 4. &k IMU

® 3 acceleration channels, 3 angular rate

no

channels, 3 magnetic field channels

®  +2/+4/+6/+8/+16 g linear acceleration full
scale
+2/+4/+8/+12 gauss magnetic full scale
+245/+500/+2000 dps angular rate full
scale
16-bit data output
SPI/12C serial interfaces

Analog supply voltage 2.4 V to 3.6 V
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Kalman Filter
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Cal_vector ~ Cal_distance
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